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Customer Value Classification Method Based on an Improved RFML Model and Time
Weights

Xia Xiang, Zhang Lan, Yang Li

Anhui National Defense Science and Technology Vocational College, School of Economics and Trade Management,
China Anhui Liu'an 237005

Abstract: To address the issue that existing e-commerce customer value classification metrics are not comprehensive
enough and don't take customer value over time into account, a customer value classification method based on an
improved RFML model and time weights is proposed. This method introduces customer loyalty as the fourth metric
in the RFM model, establishes an exponential function as the customer's time weight to describe differences in how
customer value changes over time, and builds an optimized RFML model. Considering that most existing models are
sensitive when using K-Means or hierarchical clustering, the Gaussian Mixture Model (GMM) is chosen for clustering,
helping businesses achieve more accurate customer value segmentation and improve customer relationship management
efficiency.
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