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Abstract: With the continuous growth of blueberry demand and production, the loss caused by pests and diseases is also
increasing year by year. Aiming at the problems of high labor intensity and low efficiency of manual inspection, as well as
the low recognition accuracy of existing inspection vehicles, this paper aims to study the intelligent identification technology
for blueberry pests and diseases, so as to provide technical support for reducing production losses. This paper starts from the
supply and demand situation of the blueberry industry, analyzes the research status of intelligent identification technology for
blueberry pests and diseases, and summarizes the application characteristics of deep learning image recognition technology in
blueberry pest and disease identification. The analysis shows that deep learning image recognition technology can effectively
extract the color, texture, shape and other features of blueberry leaf lesions, and has a good recognition effect on common
pests and diseases such as gray mold, leaf spot, and aphids. This paper can provide reference for further research on intelligent
identification technology for blueberry pests and diseases, and help improve the efficiency of pest and disease identification
and reduce the production losses caused by pests and diseases.
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