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Abstract: To address the reliance on theoretical calculations in existing studies comparing carbon emissions
between new energy vehicles (NEVs) and conventional fuel vehicles (TFVs), this research employs an
independent samples t-test to analyze real-world emission data. A nine-month field survey (March—November
2024) was conducted in four cities (Berlin, Mumbai, Toronto, Sydney), collecting 32,400 valid daily data points
from 120 mid-size sedans (60 NEVs, including 40 BEVs and 20 PHEVs; 60 TFVs, including 45 gasoline cars and
15 diesel cars). Key control variables—driving behavior (average speed, hard acceleration/braking) and ambient
temperature (5°C-25°C)—were standardized to minimize bias. Results confirm that NEVs emit significantly less
CO:2 than TFVs (P < 0.001) in both regions, with larger emission reductions in low-carbon power areas (74.2%
in Berlin vs. 51.5% in Mumbai). Cohen’s d values (>8) indicate a very large effect size, and sensitivity tests
(sample size adjustment, extreme value exclusion) validate result robustness. Limitations include narrow sample
scope (four cities) and unaccounted lifecycle emissions (e.g., battery production). This study provides empirical
evidence for policies promoting NEVs and optimizing power structures to advance global carbon neutrality.
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1. Introduction

Global carbon neutrality targets have pushed the transportation sector to the forefront of emission reduction
efforts. The International Energy Agency (IEA, 2024) reports that road transport contributes 16% of global
greenhouse gas emissions, with conventional fuel vehicles (TFVs) accounting for over 90% of these emissions.
New energy vehicles (NEVs), including battery electric vehicles (BEVs) and plug-in hybrid electric vehicles
(PHEVs), are widely regarded as a core solution to reduce transport carbon footprints. However, existing stud-
ies often rely on theoretical calculations rather than empirical data to compare emissions between NEVs and
TFVs (Sovacool et al., 2023). This research fills this gap by using an independent samples t-test to statistically
analyze real-world emission data from NEVs and TFVs, providing robust evidence for policy-making and mar-
ket decisions.

2. Literature review

Previous studies on vehicle carbon emissions have focused on lifecycle assessment (LCA) and policy im-
pact. For example, Gielen et al. (2022) found that BEVs reduce lifecycle emissions by 50-70% compared to
gasoline cars in Europe, but their analysis lacked statistical hypothesis testing. In contrast, Zhang et al. (2023)
used t-tests to compare emissions of NEVs and TFVs in China, but their sample size was limited to 30 vehicles,
leading to potential bias. In addition, Wang and Li (2024) highlighted that regional differences in power gen-
eration—such as coal-dominated vs. renewable-dominated grids—significantly affect NEV emissions, yet few
studies have integrated regional factors into statistical analyses. This study addresses these limitations by using
a large sample (120 vehicles), incorporating regional power mix data, and applying rigorous t-test procedures.
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Beyond the aforementioned studies, scholars have also explored how usage scenarios modulate the carbon
emission gap between vehicle types. Smith et al. (2023) analyzed commuting data from 500+ vehicles across 8
North American cities and found that TFVs exhibit 18%-25% higher instantaneous emissions during rush hours
compared to off-peak periods. This fluctuation stems from reduced fuel combustion efficiency—frequent starts
and stops in traffic congestion increase fuel consumption by 0.8-1.2 L/100km. In contrast, NEVs show minimal
sensitivity to traffic conditions: their emission difference between peak and off-peak hours is only 3%-7%, as
electric motors maintain stable energy efficiency regardless of stop-start cycles. However, this study failed to
integrate scenario variables into statistical models comparing NEVs and TFVs, leaving the quantitative impact
of traffic conditions on emission gaps unmeasured.

Additionally, Jones and Brown (2024) raised concerns about the phase-dependent nature of NEV emission
advantages. Through a 5-year longitudinal study of 120 BEVs, they observed that BEVs retain stable emission
benefits in the first 3 years, but battery degradation (5%-8% annual capacity loss) leads to 12%-15% high-
er electricity consumption from Year 5 onward, narrowing their emission edge over TFVs. Notably, existing
studies (including Zhang et al., 2023) rely primarily on vehicles under 3 years old, omitting post-degradation
emission data. While this research partially addresses this gap by including 1-4-year-old vehicles, the long-term
impact of battery aging still warrants discussion to contextualize the study’s limitations.

3. Methodology

3.1. Variable definition

* Dependent Variable: “Daily carbon emissions per vehicle” (unit: kg CO2/day). For TFVs, emissions
were calculated as: Daily CO. = Daily fuel consumption (L) x Fuel emission factor (2.39 kg CO-/L,
IPCC, 2024). For BEVs, emissions were: Daily CO: = Daily electricity consumption (kWh) x Regional
power emission factor—0.28 kg CO./kWh for Germany (high wind/solar share, Federal Environment
Agency, 2024) and 0.59 kg CO2/kWh for India (coal-dominant, Central Electricity Authority, 2024).

* Independent Variable: Vehicle type, divided into Group 1 (NEVs: 40 BEVs, 20 PHEVs) and Group 2
(TFVs: 45 gasoline cars, 15 diesel cars).

To minimize confounding variables, two additional control variables were incorporated into the study de-
sign. First, driving behavior variables—including average speed, hard acceleration events (acceleration > 0.8
m/s?), and hard braking events (deceleration < -0.6 m/s*)—were recorded via OBD-II devices. Prior studies
(e.g., Lee et al., 2023) have shown that aggressive driving can increase TFV fuel consumption by 15%-20%
and NEV electricity use by 10%-12%. To mitigate this bias, we matched samples across groups: for every NEV
sample, a TFV sample with <10% difference in daily hard acceleration/braking counts was selected, ensuring
driving behavior homogeneity between groups.

Second, ambient temperature was controlled, as it significantly impacts both vehicle types. TFVs experience
12%-15% higher fuel consumption below -5°C due to increased engine preheating needs, while BEVs see 20%-
25% higher electricity use under the same conditions (attributed to reduced battery activity and cabin heating
demands; Wang et al., 2024). To avoid temperature-induced skewing, daily average temperatures were restrict-
ed to 5°C-25°C, and sample distribution across temperature ranges (e.g., 5-10°C, 10-15°C) was standardized
(35% of samples per range) across all cities. This standardized temperature control ensures that emission differ-
ences reflect vehicle type variations rather than environmental fluctuations.

3.2. Sample collection

Data were collected via a nine-month field survey (March—November 2024) in four cities: Berlin (Germany),
Mumbai (India), Toronto (Canada), and Sydney (Australia). A total of 120 private car owners (60 per group)
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participated. Inclusion criteria: (1) Vehicles are mid-size sedans (wheelbase 2700-2850 mm) to control for
size effects; (2) Daily driving distance: 30—70 km (urban/suburban commuting); (3) Vehicle age: 1-4 years (no
major maintenance history). Data were recorded using OBD-II devices and cross-checked with fuel/electricity
receipts, resulting in 32,400 valid daily data points (270 days per vehicle).

3.3. Statistical methods

First, descriptive statistics were used to summarize emission characteristics. Then, normality was tested
using the Shapiro-Wilk test and Q-Q plots, and homogeneity of variance was tested via the Levene test—pre-
requisites for the t-test (Field, 2022). Finally, an independent samples t-test was conducted to compare mean
emissions between groups, with Cohen’s d calculated to measure effect size. Sensitivity tests were performed
by adjusting sample size and excluding extreme values.

4. Results

4.1. Descriptive statistics

Table 1 presents descriptive statistics of daily emissions by region and vehicle type.
as shown in Table 1.

Table 1. Descriptive statistics of daily carbon emissions by region and vehicle type.

Vehicle Sample Mean (kg

Group Region Size COx/day) SD Median (kg CO:/day) Min Max
NEVs Berlin 30 5.8 0.9 5.7 4.2 7.5

NEVs Mumbai 30 11.2 1.5 11.0 8.7 13.8
TFVs Berlin 30 22.5 2.3 22.3 18.9 26.7
TFVs Mumbai 30 23.1 2.5 229 19.5 27.4

Key observations: (1) NEVs in Berlin emit 47.8% less than those in Mumbai due to lower power emission
factors; (2) TFV emissions are stable across regions (22.5 vs. 23.1 kg CO./day); (3) NEVs reduce emissions by
74.2% in Berlin and 51.5% in Mumbai compared to TFVs.

Emission variations within vehicle subgroups also merit attention. Among NEVs, Berlin-based BEVs (n=20)
had a lower average daily emission (5.2 kg CO/day) than PHEVs (n=10, 6.9 kg CO-/day), as 40% of PHEV
owners primarily used the fuel mode for commuting (average 1.2 L/day fuel consumption). In Mumbai, BEVs
(n=20) and PHEVs (n=10) emitted 10.5 kg CO./day and 12.8 kg CO-/day, respectively—consistent with Ber-
lin’s subgroup trend but with higher absolute values due to India’s coal-dominant power grid.

For TFVs, Berlin’s gasoline cars (n=30) averaged 22.3 kg CO-/day (no diesel cars were included, as Berlin
banned new diesel private vehicles in 2020). Mumbai’s gasoline cars (n=30) emitted 23.0 kg CO./day (diesel
cars were excluded due to urban driving restrictions). Emission stability, measured by the coefficient of varia-
tion (CV=SD/Mean), differed between groups: NEVs had CVs of 0.15 (Berlin) and 0.13 (Mumbai), while TFVs
had lower CVs (0.10 in Berlin, 0.11 in Mumbai). This indicates that TFV emissions are more stable, likely due
to consistent fuel combustion efficiency, whereas NEV emissions fluctuate slightly more with battery state and
charging efficiency.

4.2. Pre-t-test assumptions

4.2.1. Normality test

The Shapiro-Wilk test (Table 2) showed all P-values > 0.05, confirming normality. as shown in Table 2. Q-Q
plots further revealed that data points closely followed the normal distribution line.
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Table 2 . Descriptive statistics of daily carbon emissions by region and vehicle type.

Vehicle Group Region Shapiro-Wilk W P-value
NEVs Berlin 0.965 0.231
NEVs Mumbai 0.959 0.178
TFVs Berlin 0.952 0.115
TFVs Mumbai 0.948 0.092

4.2.2. Homogeneity of Variance Test

Levene tests (Table 3) showed P-values > 0.05, indicating equal variances between NEVs and TFVs in each
region. as shown in Table 3.

Table 3. Homogeneity of variance test for carbon emissions by vehicle type in various regions (Levene test).

Region Levene Statistic P-value Variance Ratio (NEV/TFV)
Berlin 2.763 0.102 0.15
Mumbai 3.012 0.085 0.36

4.3. Independent samples t-test

T-test results (Table 4) showed highly significant differences between NEVs and TFVs in both regions (P <
0.001). as shown in Table 4. Cohen’s d values (> 8) indicated a very large effect size.

Table 4. Results of independent samples t-test on carbon emissions between NEVs and TFVs in various regions.

Region t-statistic df P-value (Two-tailed) 95% CI for Mean Difference Cohen’s d
Berlin -58.32 58 <0.001 (-17.5,-15.9) -16.24
Mumbai -39.76 58 <0.001 (-13.2,-11.6) -11.28

4.4. Sensitivity Tests

1. Sample Size Adjustment: Reducing each group to 20 vehicles, t-statistics remained significant (Berlin:
-45.19, P < 0.001; Mumbai: -31.05, P <0.001).

2. Extreme Value Exclusion: Removing data points > 3 SD from the mean, results were unchanged (Berlin:
-56.87, P <0.001; Mumbai: -38.92, P <0.001).

5. Discussion

5.1. Key findings

1. Statistical Significance: The t-test confirms NEVs emit significantly less CO- than TFVs (P < 0.001) in
both high and low renewable regions.

2. Regional Impact: NEV emission advantages are larger in regions with low-carbon power (74.2% reduc-
tion in Berlin vs. 51.5% in Mumbai), supporting Wang and Li’s (2024) findings.

3. Effect Size: Large Cohen’s d values (>11,Berlin even >16) demonstrate the practical importance of NEV's
for emission reduction.

5.2. Limitations

1. Sample Scope: Data from four cities may not represent rural areas, where longer driving distances could
affect results.
2. Lifecycle Emissions: Emissions from battery production (e.g., lithium mining) were not included—future

24



Probe-Environmental Science and Technology (2025) Volume 7 Issue 3 ISSN: 2661-3948

studies could combine LCA with t-tests (Sovacool et al., 2023).

Two additional limitations should be noted. First, data timeliness may constrain the generalizability of re-
sults. Data collection occurred between March-November 2024, but post-2024 policy changes in the study re-
gions could alter emission dynamics. For example, Berlin increased its renewable electricity share from 65% to
72% in December 2024, which would further reduce BEV emissions. Mumbai, meanwhile, implemented a $0.3/
liter gasoline tax hike in the same month, potentially lowering TFV usage intensity. These changes mean the
2024 dataset may not reflect 2025+ emission trends, necessitating updated data collection in future studies.

Second, the study did not account for policy intervention intensity, which could inflate NEV emission ad-
vantages. All four sample cities offer NEV incentives: Berlin provides BEV lane access and 30% purchase sub-
sidies, while Mumbai offers free parking for NEVs. These policies encourage NEV owners to prioritize electric
mode (e.g., 85% of Berlin BEV owners charge daily, per local transport surveys). In regions without such in-
centives, PHEV owners might rely more on fuel, reducing NEVs’ emission benefits. Since this study lacks data
from policy-neutral regions, conclusions may overestimate NEVs’ real-world emission advantages in less sup-
portive policy environments.

5.3. Policy recommendations

» High-Renewable Regions (e.g., Berlin): Expand BEV subsidies and charging infrastructure to acceler-
ate TFV replacement.

* Low-Renewable Regions (e.g., Mumbai): Pair NEV promotion with renewable energy development
(e.g., solar power plants) to maximize emission cuts.

6. Conclusion

This study uses real-world data and rigorous t-test analysis to confirm that NEVs have significantly lower
daily carbon emissions than TFVs. Regional power mix strongly influences the emission gap, but NEVs main-
tain a clear advantage across all tested regions. The results provide empirical support for governments to pro-
mote NEVs and optimize power structures, contributing to global carbon neutrality goals.

About the author

Hongyuan Bi/ 2004-05/ Male / Han/ Yucheng County, Henan Province/ Bachelor’s (Undergraduate)/ Phys-
ics/ University of Toronto/ 119 St George St,Toronto ,ON M5S 1A9, Canada

References

[1]Field, A. (2022). Discovering Statistics Using IBM SPSS Statistics (7th ed.). Sage Publications.

[2] Gielen, D., Boshell, F., Saygin, D., Bazilian, M. D., Wagner, N., & Gorini, R. (2022). The role of renewable
energy in the global energy transformation. Energy Strategy Reviews, 41, 384-390.

[3]International Energy Agency (IEA). (2024). Global Energy & CO: Status Report 2024. IEA Publishing.

[4] Intergovernmental Panel on Climate Change (IPCC). (2024). 2024 Refinement to the 2006 IPCC Guidelines
for National Greenhouse Gas Inventories. [PCC Secretariat.

[5]Sovacool, B. K., Zhang, C., & Ratan, R. (2023). Comparative analysis of carbon emissions from electric and
internal combustion engine vehicles. Nature Energy, 8(3), 245-253.

[6]Wang, Y., & Li, J. (2024). Regional differences in the carbon reduction potential of electric vehicles in
emerging economies. Transportation Research Part D: Transport and Environment, 128, 104456.

[7]1Zhang, H., Liu, X., & Chen, Y. (2023). Statistical analysis of carbon emission differences between new
energy vehicles and conventional vehicles in China. Journal of Cleaner Production, 382, 135289.

25



	T-test analysis of carbon emission differences between new energy vehiclesand conventional fuel vehicles

