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Research on Anomaly Detection Method of Train Control Engineering Data based on Deep Learning

Haozhao Li
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Abstract: Train operation control system, often called train control system, its safe and stable operation is crucial to the entire
railway transportation system. Train control engineering data is used as the underlying data for train control system to calculate
train control curve, code track circuit and generate train movement authorization, and its correctness is very important for
ensuring train operation control of high-speed railway. In this paper, an anomaly detection method of train control engineering
data based on deep learning technology is discussed. This paper analyzes the data characteristics of train control systems,
explores the limitations of traditional anomaly detection methods, and introduces the potential and advantages of deep learning
models such as CNN, RNN, LSTM, and GRU in processing train control data.
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